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[Abstract] [Objective/Significance] The paradigm of scientific research driven by artificial intelligence has
undergone a transformation, and materials chemistry is one of its important fields. [Method/Process] This
article focuses on the research of artificial intelligence driven materials chemistry field, investigates the project
deployment of major countries in this field, and combines the papers in this field in the WoS database to
comprehensively analyze the main countries, important publishing institutions, important research progress,
and challenges faced in the field using analytical tools such as DDA and ITGinsight. [Results/Conclusions]
Research has found that material chemistry research driven by artificial intelligence has received attention from
major countries such as the United States, Europe, the United Kingdom, and Japan, and is a rapidly developing
emerging field in recent years. Artificial intelligence is assisting in accelerating the structural chemistry research
of materials, thermodynamic research of material preparation processes, and dynamic research of material
preparation processes. Artificial intelligence technology is bringing unprecedented innovative vitality to material
chemistry research and accelerating the in-depth development of this field. It helps to solve complex problems,
especially in accelerating the discovery of advanced materials. In the future, Al driven material chemistry
research still relies on the deep integration of artificial intelligence and material chemistry.
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(TS=("artificial intelligence" OR "machine learning" OR "deep learning" OR "neural network" OR
"reinforcement learning" OR "genetic algorithm" OR "support vector machine" OR "decision tree" OR
"random forest" OR "unsupervised learning") and Ts=(("Structur* Chemistry" and Material*) or (((composit*
or structur®) and propert*) and material*) or (Thermodynamic* and "material prepar*") or ((gas* or solution®)
and (Thermodynamic* or "Gibbs free energy" or "phase diagram*" or "phase transition*")) or ((Kinetic*
or Dynamic*) and "material prepar*") or "Mass transfer theory" or ("Chemical reaction" and material*) or
("chemical prepar*" and material*) or (("material®* chemistry" or ((composit* or structure*) and propert*)) and
(Test* or characteriz* ))) And so=((nature chemistry) or (nature materials) or (Nature Reviews Materials ) or
(nature reviews chemistry) or (nature) or (science) or (Nature Computational Science) )) or (we=(COMPUTER
SCIENCE, ARTIFICIAL INTELLIGENCE) or TS=("artificial intelligence" OR "machine learning" OR
"deep learning" OR "neural network" OR "reinforcement learning" OR "genetic algorithm" OR "support
vector machine" OR "decision tree" OR "random forest" OR "unsupervised learning") ) and Ts=(("Structur*®
Chemistry" and Material*) or (((composit* or structur*) and propert*) and material*) or (Thermodynamic*
and "material prepar*") or ((gas* or solution*) and (Thermodynamic* or "Gibbs free energy" or "phase
diagram*" or "phase transition*")) or ((Kinetic* or Dynamic*) and "material prepar*") or "Mass transfer theory"
or ("Chemical reaction" and material*) or ("chemical prepar*" and material®) or (("material®* chemistry"or
((composit* or structure*) and propert*)) and (Test* or characteriz* ))) and WC=((CELL & TISSUE
ENGINEERING) OR (CONSTRUCTION & BUILDING TECHNOLOGY) OR (CRYSTALLOGRAPHY)
OR (ENGINEERING, ELECTRICAL & ELECTRONIC) OR (ENGINEERING, MANUFACTURING) OR
(MATERIALS SCIENCE, BIOMATERIALS) OR (MATERIALS SCIENCE, CERAMICS) OR (MATERIALS
SCIENCE, CHARACTERIZATION & TESTING) OR (MATERIALS SCIENCE, COATINGS & FILMS)
OR (MATERIALS SCIENCE, COMPOSITES) OR (MATERIALS SCIENCE, MULTIDISCIPLINARY) OR
(MATERIALS SCIENCE, PAPER & WOOD) OR (MATERIALS SCIENCE, TEXTILES) OR (METALLURGY
& METALLURGICAL ENGINEERING) OR (NANOSCIENCE & NANOTECHNOLOGY) OR (PHYSICS,
CONDENSED MATTER) OR (POLYMER SCIENCE)) and WC=( (BIOCHEMICAL RESEARCH METHODS)
OR (BIOCHEMISTRY & MOLECULAR BIOLOGY) or (CHEMISTRY, ANALYTICAL) or (CHEMISTRY,
APPLIED) or (CHEMISTRY, INORGANIC & NUCLEAR) or (CHEMISTRY, MEDICINAL) or (CHEMISTRY,
ORGANIC) or (CHEMISTRY, PHYSICAL) or (ELECTROCHEMISTRY) or (ENERGY & FUELS) or
(ENGINEERING, CHEMICAL) or (ENGINEERING, PETROLEUM) or (FOOD SCIENCE & TECHNOLOGY)
or (GEOCHEMISTRY & GEOPHYSICS) or (GEOLOGY) or (MINERALOGY) or (NANOSCIENCE &
NANOTECHNOLOGY) or (OCEANOGRAPHY) or (PHARMACOLOGY & PHARMACY) or (POLYMER
SCIENCE) or (SPECTROSCOPY))).
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